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At any point, drop
guestions into the chat.

Agenda

A Welcome

A Cass Dorius, lowa State University
A Josh Martin, Indiana

A Dave Patterson, South Carolina

A Annice Correia Gabel, Rhode Island
A Q&A
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LEVERAGING INTEGRATED DATA
TO DRIVE SUBSTANCE USE EFFORTS IN ITOWA

USHeather Rouse, Shawn Dorius & Betsy Richey
AISP Annual Conference
June 22, 2022
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IT CAN TAKE YEARS, OR EVEN DECADES,
FOR HEALTH RESEARCH TO INFORM
POLICY AND PRACTICE.
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The answeris 17 years, what is the
question: understanding time lags
in translational research

Zoé Slote Morris' * Steven Wooding® * Jonathan Grant?
"imgtituee of Public Health, University of Camibrigge, Cambridge CB2 0SA, UK

TRAND Europe Cambrisge CBA 176G, UK

Correspond ence io: Jonathan Granit Email: jgrant @ rand org

Sumimanry

This study aimed to review the literature describing and guamtifying time
lags inthe health research translation process. Papers were included inthe
raview if they guantified time lags in the devel opment of health
intervantions. The study identified 23 papars. Faw wers comparable as
diffarent siudies use different measures, of difierent things, at different
tim e pol nts. We concluded that the cur rent state of knowledge of time lags
isof limited use 1o those responsible Tor R&D and knowledge transfar wha
face difficulties in knowing what they should orcan do to reduce time lags.
This effectivaly ‘blindiolds” investmeant decisions and risks wasting effort
The study concludes that understanding lags first reguires agreésing
maodels, definiions and measures, which can be applied in practice. A
second task would be to develop a process by which to gather thesa data.

Introduction equivalent to eaming £139 per yvear in perpetuity.

O thas, 9% was atmbutable & the beneht from
Timely realzaton of the benefits of expensive health improvements, which 15 the focus of this
medical research is an intemational concem  paper. (The remaining 30% arise from “spillovers’
attractine considerable pol oy effort around ‘rars- benefiing the wider ecomomy) This lewvel of
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ONE OF THE GOALS OF OUR AGENCY-ACADEMY
PARTNERSHIP WAS TO TEST NEW APPROACHES
FOR TRANSLATING HEALTH RESEARCH INTO
PRACTICE ON A I\/IUCH SHORTER TIMELINE




TESTING KEY IDS PROCESSES
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AT THE SAME TIME, WE WERE TESTING OUR
NEWLY DEVELOPED 1 DS0S PROCE:
GOVERNANCE PROCEDURES.



IDS GOVERNANCE: PEOPLE & PROCESSES
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Governing Board Data Stewardship Committee

IDS Core Team

IDS Core Data
Stewardship
Committee
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Mixed Methods Assessment

Design Thinking

4 hawr facilitated discussion to
dewelop concrete next steps for
programiming and palicy to better
support substance users and families

Data Discovery

3 howr faciltated discussionto identify
potential data for 105 capa bie of
manatoring substance use and impacis

kdentdy components af data
Igentify p-aup::’;p:rl;p-uzlnttudrlu: . flance system for ong real-
P B time assessments
Executive leadership and Managers and dala experts from

represantatives fram Public Health,
Eduscation, Human Rights, snd Human
Serdbces; IDPH pragram beaders:;
Legiskstive liaisan; Academic
res=anchers snd students

Substance Abise, Gambhng, Wickne
Pravevtson, Suscits Pressention, and
Maternal & Child Heatth Progeams;

Epidemickagists;
Academic reseanchers and students




BIRTH-TO-DAISE
MATCE

Many missing or out of
range birthdates that
precluded matching

Could not match using
gender




SUCCESSFUL COMPLETION OF HOME
VISITING PROGRAM, BY TYPE
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DIFFERENCES IN BIRTH CHARACTERISTICS
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DIFFERENCES IN CUMULATIVE BIRTH RISKS

Non-Substance Use Substanceuse history

2 Risks
34.76

%
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AISP ANNUAL CONFERENCE 2022

43 PEOPLE (MOSTLY PARENTS) WITH LIVED EXPERIENCE TALKED ABO

1. SOCIAL ISOLATION & STIGMA
2. ECONOMIC VULNERABILITY
3. TRAUMA, COPING, AND RESILIANCE
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That was a hard adjustment for me, '
moving from a city to a small town
| 1T ke this not knowi
several years just back in the back
bedroom. Didn'"t <co
everybody agrees with-with what —
| "' ve done in my |ifeé
alwaysd especially in a small town
like thisd people don't really to
accept [my substance use].

3

THEME
SOCIAL ISOLATION & STIGMA

T Sam

|~ 1



When you're a recovering THEME 2
ECONOMIC VULNERABILITY

addicté you're ¢
lot of things from your past that
foll ow youéwheth
tickets, fines f
crimes that you've committed,
any of those things. And if you
don't pay 'em, they'll, they can
take your license. They can take
roperty. They can do’things like
hat and when you're trying to
get clean and build up your life,
one small thing like that it can |
reall yeruin your
outlook towards recovery and A
just make you want to give up.

T Vincent

| want to go back to college but
regardless if | go back to college
or not, like, my background is
going to stop me from getting
any {ob that'| want. And that's
what sucks. It sucks bad.

I Emily




THEME 3 | 1l ost my father.

just could not deal with the grief. | didn't
TRAUMA & COPING want to live or nothin6 . I di dn
fuck. [é] I felt gr

just didn't have any way to deal with it. |
needed the distraction. That's the only
way | could make the fuckin pain go
away is to distract myself.

i Bill

Uh [my mom] tried coke, she used to be
a drunk. She's a recovering alcoholic.

My aunt's a recovering alcoholic. My
uncl eéwas an addi ct
he ended up killing himself. Blew his
head off with a twenty-two barrel shot
gun over alcohol so it runs in our family.
My grandpa was a drunk. So | mean it
runs in the family.

I Mindy




WORKSHOP ONE: DATA DISCOVER

IDENTIFY POTENTIAL DATA FOR AN IDS CAPABLE OF

MONITORING SUBSTANCE USE AND ITS IMPACTS ON
INDIVIDUALS AND FAMILIES




Wigl® ATTENDED?

AEpidemioIogists
rogram managers & data staff
N Substance abuse
N Gambling
["F , N violence prevention
| Q) Suicide prevention
N Maternal and child health

A\cademic researchers &
students




DATA INVENTORY

DATA SCREENING

DATA DRIVEN
DISCOVERY PROCESS

Adopted from materials provided by Dr. Sallie Keller and team at
The Social Decision Analytics Division,
Biocomplexity Institute, University of Virginia .

DATA ACQUISITION

DATA DISCOVERY

PROJECT'S DATA ASSETS




HOW WOULD YOU USE A SUBSTANCE USE
MONITORING SYSTEM TO SUPPORT
PROGRAMMING OR POLICY EFFORTS?

Make it
accessible to

Create
performance

Create accurate

others to address
. Develo
and data- related issues c P
measures informed framing ommunlty
of issues

Partnerships




WHAT OTHER INFORMATION DOMAINS SHOULD WE
CONSIDER TO HELP US MONI TOR
SUBSTANCE USE AND ITS EFFECTS?

Mental and
Physical
Health

Substance
Use &
Mortality

Social
|Isolation

Economic
Vulnerability




WHAT DATA SETS DO YOU KNOW OF THAT WOULD
HELP US MONITOR SUBSTANCE USE AND ITS EFFECTS
ON INDIVIDUALS AND FAMILIES?

Your Life lowa

'HS Child Welfare

Recovery lowa | Adoption and Foster Card'@ Paison Controf web stats Data
itle V Needs Analysis and Reporting Center . 1
Assessment . Prescription\r
nditions for Monitorina
Gambling Data ming Survey Progran National
National Surve — p— Outcomes
Drug Use and F School Health Barriersto Measures

Profiles
EMS DOE Suspensions Prenatal Care
Registi  and Expulsions Childcare Provide vivien it veat Survey
: Reqistry
. Natlona_l survey Data Vital Records
Medicaid ER Dischar¢ on Child and ~_~
Data Adolescence CJIP Iov;/a Youth ~
T . e TANF
Naloxone Administration Crisis Center data Justice Data ™ Substance Use
Data BRFs¢ fromBoard of  \yic _ eatment Data
C Pharmacy Warehouse Futures without

Violence



BENEFITS

Adentified 94 data sets
available to monitor substance
use

Adentified strategies to screen
data for quality and
applicability

Aldentified goals to monitor use
across the state

Aed to further work for Bureau,
team, and advisory board




~ WORKSHOP TWO: DESIGN THINKIN

HOW MIGHT WE DEVELOP POLICIES AND PROGRAMS TO
BETTER SUPPORT INDIVIDUALS AND FAMILIES WITH
SUBSTANTIATED CASES OF SUBSTANCE USE?

o f 4
¢




Wigl®l ATTENDED?

AAgency executive leadership
N Public Health
N Education
N Human Rights
N Human Services

ﬁProgram leaders
Aegislative liaisons

| ‘ Racademic researchers &
= 81  students
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TRANSLATING DATA INTO ACTION

THE TEAMS CAME UP
WITH SIX IDEAS FOR NEW
PROGRAMS AND
POLICIES TO SUPPORT
INDIVIDUALS AND
FAMILIES WITH A
HISTORY OF SUBSTANCE
USE. TWO OF THESE
RECOMMENDATIONS ARE
BEING MOVED FORWARD.

+ 15m in new funding



BENEFITS

Aprovided administrators chance to
ask guestions and researchers to
provide clarifications

AAIIowed stakeholders to better
understand and empathize with the
needs of substance users in lowa

:BProvided dedicated time to engage
In discussions and develop ideas

ADrasticalIy reduced the normal time
lag from research to action




THANK YOU FOR
JOINING US!

CONTACT:

CASS DORIUS
CDORIUS@IASTATE.EDU

HEATHER ROUSE
HLROUSE@IASTATE.EDU



mailto:CDORIUS@IASTATE.EDU

Josh Martin
Chief Data Officer, Indiana
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How Indiana Is using data toftrack

progress with.closing equity gaps

| |

p—

Josh Martin

Chief Data Officer
State of Indiana

wEi

MANAGEMENT
PERFORMANCEHUB




Lélcé

Officer!

The Office of the Chief Data Officer (CDO) was
established as part of IC 4 -3-26.

About CDO role

A Executive Director of MPH

A Advises executive state agencies and political
subdivisions regarding state best practices concerning
the creation and maintenance of data.

A Coordinates data analytics and transparency master
planning for the executive state agencies and provides
leadership regarding state data analytics and
transparency.




2014: Agency first created in 2014 by Executive MANAGEMENT
Order. PERFORMANCE

July 1, 2017: Management Performance Hub
officially codified into law in Indiana Open Data
Act (IC 4-3-26). Indiana Chief Data Officer role
created.

September 2017: Indiana Data Hub goes live.



| MPH Mission

MPH provides analytics solutions tailored to address
complex management and policy questions enabling
Improved-outcomes for Hoosiers.

We empower our partners to leverage data in innovative
ways, facilitating *data rdriven decision making  and
data -informed policy making.

MANAGEMENT
PERFORMANCEHUB



| MPH Projects

Key: Performance Indicators

Opioid Epidemic

Infant Mortality

Recidivism and Re -Arrest

Medicaid Optimization

Teacher Compensation

School Corporation Fiscal Indicators

Indiana Transparency Portal

Enhanced Research Environmen



COVID-19 Prevalence Study with Fairbanks
School of Public Health

A First statewide random sample study in nation
A Created population-level dataset

COVID-19 Data
A Build and manage daily dashboards
A Host datasets on Indiana Data Hub for

h 50.1% 16.6%
researchers A
CcoviD coviD
2233
[otal Capacity

d1j.9%_ ‘r | Capacity { 3.5%_
Vaccine Outreach and Communications support st At d s




AISP Case StudyHow the Indiana Management
; X3 Z-32J«NX , AMZ" &J°J 49°JIN ° HESE
>X" XJ3N| J«T >X"°-« XZ

How the Indiana Management
Performance Hub's Data
Capacity Helped Fuel COVID-19

Berkowitz, E. & Jenkins, D. (2021). AISP Case Study: How the Indiana Management Research and Response

;X3 Z-32J«NX , AMZ" &J°J $-19RedearéhBnd ReSEpNSE.T * AX K
Actionable Intelligence for Social Policy. University of Pennsylvania.




Indiana Equity Data Portal r

s s

Indiana is using data to lead by example and take concrete
steps to shape the changes necessary to remove batriers to
access and opportunity for all Hoosiers. One of those
priorities was to create a public disparity data dashboard,

°3 - S «z gL XS C o 9| X W
progress with closing equity gaps.
r r



|ﬁ’d.iapaﬂ EQI ify Datal Port:

August 18, 2020: Governor Eric Holcomb address: True {,,. ~T

Equality and Equity leads to Opportunity for All
U$3XJI°X" +-/FEX3«-32Z2" $IM «X‘!;)

Inclusion and Opportunity Officer (CEIOO) @
u& 3 XN°” 5, , ©°- N3XJO°X J z; |
© - 30 ] L/)Z o _ g | - (; | - (; - A3 g (]?J

U Karrah Herring begins as Indiana CEIOO on February 00

1, 2021
U Equity Data Portal goes online Fall 2021

|

L
‘.‘
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|ﬁ’d.iapaﬂ EQI ify Datal Port:

State Partners Categories
A Department of Child Services (DCS) m
A Department of Health (IDOH) v
A Family Social Services Administration (FSSA)
_ _ Health Public Social

A Indiana State Police (L.SP) Safety Services
A Department of Correction (DOC)
A Department of Education (DOE) ]. O
A Commission for Higher Education (CHE) '
A Department of Workforce Development Education Workforce

(DWD) . Development
A+- EX3«-37Z" 82ZZ NX 3IF+8EB®D
A Management Performance Hub (MPH)



quity Data Portal Dashboards IN.gov/equity/data  -portal/

Infant Mortality Preterm Births No Early Prenatal Care Infant Mortality No Early Prenatal Care

Cases Deaths Data Notes Cases Deaths <
- See Full Dashboard Here -

Dgaths

Month|Year Race/Ethnicity Monthly vs Cumulative
Month|Year Race/Ethnicity  Monthly vs Cumulative = 3 s =

(A | [an | [cumuiative .

Casesper 100,000Individuals by Race

s
8 1
g5
s
10K 3 10
2
H
.
SK =
i oy can u White
= All w Asian » Black or African American » White 921 Sep2l Oct2l Nov2l Dec2l Jan22 Feb22
Mar20 Apr20 May20 Jun20 Jul20 Aug20 Sep20 Oct20 Al 4 6
All 38 275 511 680 9§95 1408 1795 270 ! | Asian

Asian 25 247 481 639 744 883 1088 160 iats o At A
18712 34410 Black or African American
Black or African American %8 533 852 998 1340 1707 1957 245 T White
**Any County|Race combination with less than five eventshas  White 28 194 337 43 658 963 1279 204
been suppressed in the map above . S



Measure Source Time Period Refresh Cadence
COVID Cases IDOH March 2020 -present Monthly

COVID Deaths IDOH March 2020 -present Monthly

Infant Mortality Deaths IDOH 2014-2019 Annual

Infant Mortality SUIDS IDOH 2014-2019 Annual

Births IDOH 2014-2019 Annual

Preterm Births IDOH 2014-2019 Annual

No Early Prenatal Care IDOH 2014-2019 Annual




Health

covip infant Mortality Preterm Births
Births No Early Prenatal Care

Year Race/Ethnicity Line Graph
v| [a v | |Births per 1,000 Females Age 15-44 - Year Race/Ethnicity

————  —————

i

Births per 1,000 Females Age 15-44

Percent of Births with No Early Prenatal Care

2015 2017 2018 2019 2020
All 4 848 4 617 S 2014 7 201 202
Hispanic 742 767 731 724 728 753 740
Non-Hispanic Black 748 745 747 4 2014 2015 2016 2017 2018 2019 2020
Non-Hispanic White 637 636 632 7.5 All 3289 0.79 307% 3148 s L 7
Hispanic

Non-Hispanic Black

Non-Hispanic White 28.8% 27.4% 27.0% 26.9% 27.2% 26.3% 25.9%
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Public Safety

lity Data P&rt

Measure Source Time Period Refresh Cadence
Arrests ISP 2014-2020 Annual
Re-Arrests DOC/ISP 2014-2020 Annual
Recidivism DOC 2014-2020 Annual




Public Safety

Race/Ethnicity

s
3 Year of Release Race/Ethnicity
s ¢ =
2 6
s
& X
& 40
g
< &
4 2
= o«
%,
<
4 2015 2 2 &
2019 2020 0 0%
All 08 232 014 202!
American Indian And Alaska ~ ad 4 N
Native o - RTINS oo
AsianOr Pactfic lslander 75 78 Race 2014 2015 2016 2017 2018 2019 2020
Black Or African American All o P 5

Black Or African American

White

Hispanic 143%

Other 235%

White 30.2%




:

indiana Ec

Social Services

Hoosier Health and FSSA
Well-being

Child Services DCS
Entering Care

Child Services In DCS
Care

August 2018-August  Monthly

2021
2018-2020 Annual
2018-2020 Annual



Social Services

covip infant Mortality Preterm Births
Births No Early Prenatal Care Dats Noses

Year Race/Ethnicity Line Graph
v| [a er 1,000 Females Age 15-44 - Year Race/Ethnicity

————  —————

Births per 1,000 Females Age 15-44

Percent of Births with No Early Prenatal Care

2014 2015 2016 2017 2018 2019 2020

Al 18 848 842 635 628 617 558 4 01 2

Hispanic 742 4 s All m Hispanic w Non-Hispanic Black ® Non-Hispanic White

Non-Hispanic Black 748 745 747 2014 2015 2016 2017 2018 2019 2020

Non-Hispanic White Al 32.59 0.7 30.7% 8 313 3113 0.7%
Hispanic 447% 42 a5 4y
Non-Hispanic Black 232% a1 4 a3
Non-Hispanic White 28.8% 27.4% 27.0% 26.9% 27.2% 263% 8




| Iﬁﬁiépaﬂ EQI ify Datal Porte

Education
Measure Source Time Period Refresh Cadence
High School Graduation Rate DOE 2015-2020 Annual

Educational Attainment CHE 2015-2019 Annual




Education

High School Graduation Rate

- The map below highlights high school graduation rates by race
- The graduation rate is the percent of student:

Year

Educational Attain|

Data Notes

icity st the county level. Use the Year and Race/Ethnicity filters to adjust the h

our years of starting high school

Race/Ethnicity

2020

O Lessthangos
[ 2etwesn 3036 and 205
B Betuween 2056 3nd 355
W iore Thansse

100.0%

High School Graduation Rate

2015 2016 2017 2018 2015 2020

Al

American Indian

Asian

Black

Hispanic

Multiracial 857% 867% 841% 83.4%
Native Hawaiian or Other Pacific Islander 83.1% 85.6%

White

High School Graduation Rate

- :
Educational Attainment el

Race/Ethnicity Year for Stacked Bar Chart

Educational Attainment 5 Year Estimate
(2015-2019)

for Selected Year
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ihdiana Equity Datal

Port:

Workforce Development

Measure Source ‘ Time Period Refresh Cadence
Unemployment Rate DWD Feb 2018- Feb 2021 Annual
Unemployment Insurance Claimants DWD 2015-2021 Annual
Workforce Ready Grants CHE Fall 2019- Spring 2021 Quarterly

Median Household Income DWD 2015-2019 Annual




Workforce Development

Unemployment Rate Workforce Ready Grants Median Household Income Unemployment Rate Workforce Ready Grants
»
Median Household Income

Unemployment Insurance Claimant

Year Race/Ethnicity e
2021 v | |A ¥ Race/Ethnicity Bar Chart Year Filter
g
i
s
> Median Household Income 5 Year Estimated Median Household Income for Selected Year
| Ext pOten) I
g .
: | _.,——— B
1 § . |
: < e
g African American
= §
Year f,'""r,_,4
2018 2019 2020 2021 $OK $10K $40 $ $71
Al 9 2 33 S Median Household Income
American Indian and Alaska native 95 860 757 621 1980 2015 2016 2017 2018 2019
4 A r American Indian And Alaska Native $ $41,056 $41,858 6 77
< ¢ Asian
Black or African American
{ i Black or African American
Chose Not To Answer Ve | Native Hawalian And Other Pacific Islander
Native Hawaiian and Other Pacific 2 = = s 2
v Istander 2 - i . = pi M White
Other 5% Al
White 5 "J Other

Two or more



While our work in these areas is informed by many

resources in addition to the data presented here, we

hope-you will use'this portal as a gateway to open up
N-j« X3 " J 8 T« 3 XZJ3 T  |«xz ., «J) ¢
provide the tools necessary for all Hoosiers to

experience their best quality of life. In order to get

O] X3 Xw KX°Z" | -KBT -«X, J«-09 ]| X3
great start. —
Karrah Herring, J.D. Z

Indiana Chief Equity, Inclusion and Opportunity Officer



Indiana Equity Data Portal

NE){(T STEPS

A More Data, Then More Data
A More Demographics

A Greater Frequency of Updates
A Better Narrative

A Customer-Friendly Layout

A Links to Existing Dashboards
A Resource/Solution Mapping

A Use of Data in Community

7 Datd available on Indiana Data Hub:



https://hub.mph.in.gov/dataset?tags=Equity+Data+Portal

Indiana Data Hub

JIN.gov % !
gov HOME  DATASETS  ORGANZATONS  GROUPS  ABOUT  LOGIN
PERFORMANCEAUS

Welcome to the Ipdiana Data Hub
aintained by Indiana Mana, ent Perfol e Mub, the Indiana Data Hub is you: Y ) .
I:ovetr?ngavayri'etyofsnII‘:je1:tgl;la=mtte::reas"“a 7 : nment. ia ‘, 2( CUI'I’eI’It TOp|CS

identified, and published in a manner that g is, coll: ation, ;  stal ___ =
by searching for a dataset bel ‘can cli ific datasets in the Y B [

Search datasets

Popular tags: ( coviD-19 )( Coronavirus ) @

Demographics Education and Workforce Government

¢ ' N T 186+
~2 = ' = = ‘ dataset
How is the data organized? S
A Developed using the CKAN open -source platform T
A Provides self -service web -based access to valuable
information maintained by Indiana State Government hub.mph.IN.qgov

A Available as CSV and/or PDF files _
Indiana Data Hub


https://coronavirus.in.gov/

JOSH MARTIN

Indiana Chief Data Officer
Director, Indiana Management Performance Hub

Email: jmartin@mph.IN.gov
Website: data.IN.gov
Twitter: @IndianaMPH




